53550 5 W 2% 5515 2 4 saaf Vol.3 No.5
2017 4E5 H Chinese Journal of Network and Information Security May 2017

ETEMNSEENELZREEIMARARSEKIN

R, BB, BARLE, i’
LAl KRB RN E S SRS, TR TN 5100065
2. B RAEAE BB HOR S BE, TR TN 510632)

B OE: SN, B AR MBS EIR A E R AR K, 4 A SE R R SR T N E R
FG5. (6 SRM B HEAN b, T ALRPIESRIE 0, S s i v] P R IDGH % s A0 2 AN TN 2R A 2
TR IR R S5 R BT Sz —Fh 3 2R G4, AR 6 TN immss A T
JESBR N SR, SIANZERAAR, PR . ScR e, Bk E A R R ATk 0.97 s, FEH
ot 20 P A S B 5 BV A LA T (R RS 5 2R

KRR BTEIGRE: BRSO 2R AR AR

REHES: TP393

MHERFRIRAD: A

doi: 10.11959/j.issn.2096-109x.2017.00164

Online universal steganalysis system based on
multiple pre-trained model
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Abstract: In reality, universal blind steganalysis is still a sensitive issue. A universal online steganalysis system that
could be used in practical application was proposed. With reducing the dimensions of SRM, it could improve availa-
bility and speed up feature extraction. Some effective pre-trained models and weighted voting strategy were used in
this system with a B/S architecture, involving a higher speed. In addition, multithread technology was introduced.
Experimental results demonstrate that high detection accuracy can be obtained and about 0.97 seconds for single de-
tection with the system.
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